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a b s t r a c t   

Sander (2019) attempts to revive the claim that “mismatch” between the credentials of students that re
ceive racial preferences in law school admissions and the average observable academic credentials of their 
peers leads to fewer black lawyers. This article examines Sander’s study and explains the reasons why 
second-choice analyses, and Bar Passage Study data in particular, are poor sources for causal inferences 
about academic mismatch. Sander’s paper makes indefensibly strong assumptions about the inferences that 
can be drawn between evidence on distinct types of mismatch, overclaims results that lack robustness 
across different subsamples of the underlying data, and misinterprets other results that in fact cut against 
the article’s claim. Ultimately, as originally reported in Ayres & Brooks (2005), the data do not provide 
evidence that affirmative action reduces the number of black lawyers. 

© 2021 Published by Elsevier Inc.    

1. Introduction 

Writing in The Journal of Blacks in Higher Education, in 1994, 
Stephan Thernstrom described in stark terms what he felt were the 
likely consequences of “an unfortunate ‘mismatch’ between students 
and institutions” caused by “racially preferential admissions policies 
in higher education.”2 He argued that, rather than helping their 
purported beneficiaries, these policies set minority students up for 
failure by promoting them to schools otherwise beyond their reach. 
“Unable to stand the competition, many will not make it to the end; 
those who do obtain a degree will be heavily overrepresented at the 
bottom of the class and conspicuously absent from the top.” He was 
not the first to make this claim. Thernstrom cited Thomas Sowell 
(1972) as “one of the first scholars to advance this criticism [then] 
more than two decades ago.”3 Sowell in turn has pointed to “the late 

Professor Clyde Summers of the Yale Law School [as] the first person 
to explain, back in 1968,” the hypothesis:  

that admitting black students to top-tier institutions, when  
they had academic qualifications that were at a level that fit 
second-tier institutions, meant that second-tier institutions 
now had a reduced pool of suitable black applicants and 
would have to dip into the pool of black students whose 
qualifications fit the third tier—and so on down the line.4  

At all levels, then, black students would be less credentialed than 
their white counterparts, causing a discrepancy that, it is often 
claimed or implied, will more than offset any benefits from at
tending a higher-tier school due to affirmative action.5 We are re
calling here an old hypothesis, one that has been circulating for more 
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1 Professor Ayres has served as an expert witness in several cases assessing narrow 
tailoring of affirmative action in government procurement. 

2 Thernstrom, Stephan. The Black-White Student Mismatch Problem in University 
Admissions, 6 J. BLACKS IN HIGHER EDUC. 62, 62 (1994). 

3 Id. (citing chapter 7 of Thomas Sowell’s (1972) BLACK EDUCATION: MYTHS AND TRAGEDIES 

among other references). 

4 Thomas Sowell, The Perversity of Diversity, CLAREMONT REVIEW OF BOOKS, 12(4): 76–8 
(2012), at 76 (reviewing Mismatch: How Affirmative Action Hurts Students It's Intended 
to Help, and Why Universities Won't Admit It, by Richard Sander and Stuart Taylor, Jr.). 
Sander (2019) states the mismatch “idea was initially advanced by sociologists in the 
1960 s[.]” 

Richard Sander, Replication of mismatch research: Ayres, Brooks and Ho, 58 INTL REV. 
L. ECON. 75, 76 (2019). 

5 “The only possible gain,” Summers wrote, would be “among those minority stu
dents not normally admissible by the minimum standards of the least selective 
schools.” Clyde W. Summers, Preferential Admissions: An Unreal Solution to a Real 
Problem, 1970 U. TOL. L. REV. 377 (1970). 
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than a half century, yet throughout this history, as Thernstrom wrote 
in 1994, “[w]e do not have systematic evidence with which to test 
many aspects of the mismatch argument.”6 

Cue Richard Sander’s (2004) “A Systematic Analysis of 
Affirmative Action in American Law Schools.” Based on a simple tier- 
index framework used to analyze data from the Law School 
Admissions Council (LSAC) Bar Passage Study (BPS), Sander (2004) 
argued that “a strong case can be made that in the legal education 
system as a whole, racial preferences end up producing fewer black 
lawyers each year than would be produced by a race-blind system.”7 

That affirmative action suppresses the production of black lawyers 
(by 8% according to his estimates) was an extraordinary and ad
mittedly remarkable claim,8 to which Ayres, Brooks and a number of 
other scholars were invited to reply (in the law review that pub
lished the original assertion) along with a response by Sander 
(2005).9 In an appropriate spirit of collaborative and rigorous ex
change, Sander openly shared his data and program files with Ayres 
and Brooks, who did the same in turn. On careful review of Sander’s 
(2004) approach, Ayres and Brooks concluded that “a strong case” 
could not be made with his data and analysis to support a causal 
claim that the use of racial preferences reduces the number of black 
lawyers.10 Hence the title of Ayres & Brooks’ (2005) reply, “Does 
Affirmative Action Reduce the Number of Black Lawyers?”. 

Ayres and Brooks observed that the conclusions from Sander (2004) 
rely upon several faulty assumptions, including the assumptions that in 
a world without affirmative action, white and black law students with 
the same LSAT and undergraduate GPA would become lawyers at the 
same rate and black law students would attend the same tier schools as 
white students with the same observable entering credentials. They 
explained that these two assumptions are not supported by the data, 
finding that “whites with similar credentials themselves go to a variety 
of different quality tiers” and pointing out that “[b]lack students are less 
likely to benefit from legacy preferences and are more likely to be fi
nancially constrained.”11 

It is important to recall the motivation and bases of critique in 
Ayres & Brooks (2005), which were not driven by skepticism re
garding the theoretical possibility of affirmative action causing a 
detrimental mismatch effect on its beneficiaries, as Summers, Sowell 
and Thernstrom among others had long speculated. Indeed, it would 
be surprising if some sufficiently large degree of mismatch could not 
generate the effects that Sander claimed. Rather, Ayres and Brooks 
questioned whether Sander (2004) had, with his data, identified a 
causal effect of “academic mismatch” on the production of black 
lawyers. It was not simply the absence of a credible identification 
strategy that was troubling, but also the quality of the data them
selves, which coarsened school-level observations into 6 rough tiers. 
Ayres and Brooks introduced their analysis of students that attended 
their second-choice school as an imperfect, but still more plausible 
identification strategy than employed by Sander (2004), while re
cognizing the continuing limitations of the data. “We make this 
point,” as Ayres and Brooks (2005) observed, “not as an indication of 
the quality of the analysis, but as a strong statement about the 
weaknesses of the data (for this question) on which we and Sander 

rely. We leave it to the responsible reader to make of it what 
she will.” 

Given these constraints, Ayres and Brooks were cautious in 
constructing and drawing conclusions from their second-choice 
analyses. Sander (2005), on the other hand, who had then replicated 
their analysis and performed his own, was over-the-top exuberant in 
describing the findings as “stunning,” “striking” and “a nearly perfect 
demonstration of the mismatch effect.”12 Neither the caution ex
pressed by Ayres and Brooks nor the exuberance betrayed by Sander 
in interpretating the analyses of bar passage data has changed over 
the past decade and a half. Yet, with “Replication of mismatch re
search: Ayres, Brooks and Ho” (2019), Sander sought to reopen the 
discussion on “academic mismatch theory” with a replication and 
critique of Ayres & Brooks (2005), which offered two alternative 
analytic approaches to Sander’s original analysis. In his replication 
and critique, Sander addressed both the second choice analysis and 
relative tier analysis from Ayres & Brooks, claiming that once mod
ifications are made to these models, their results are supportive of 
the theory that mismatch between the academic ability of black law 
students and the academic rigor of their law schools has hurt the 
career outcomes of black law students. 

Specifically, Sander points out that due to a coding error, Ayres & 
Brooks “mistakenly included in their sample” 109 students (in their 
total of 7212 observations) who should have been excluded because 
of missing responses on the key selection criterion.13 This was due to 
a genuine coding error, although not a “deliberate” one as suggested 
by Sander. Ayres & Brooks (2005) missed it, we will not now mini
mize it, and we thank Sander for bringing this to our attention. 
Correcting the code and running sensitivity checks,14 produces re
sults that are neither qualitatively nor significantly different from 
those observed in Ayres and Brooks. As for the other so-called “ac
tual errors” to which Sander points, these were in fact deliberate 
choices made and discussed by Ayres & Brooks to address their 
concern about the quality of the data and our confidence in causal 
inferences drawn from our empirical strategy. Sander proposes al
ternative choices that he finds more compelling (and we do not), yet 

6 Thernstrom, Stephan. The Black-White Student Mismatch Problem in University 
Admissions, J. BLACKS IN HIGHER EDUC., no. 6 (1994): 62–65, at 62. 

7 Richard Sander, A Systemic Analysis of Affirmative Action in American Law Schools, 
57 STAN. L. REV. 367, at 372 (2004) 

8 Id. 
9 Note that while Clyde Summers claimed that “[p]referential admissions standards 

do not significantly increase the total number of minority students able to obtain a 
legal education,” Sander attempts to claim that affirmative action in fact decreases the 
number of black lawyers. 

10 Ian Ayres & Richard Brooks, Does Affirmative Action Reduce the Number of Black 
Lawyers? 57 STAN. L. REV. 1807, 1813 (2005). 

11 Id. 

12 Richard H. Sander, A Reply to Critics, 57 STAN. L. REV. 1963, at 1974–5 (2005). 
It may not be clear from reading Sander (2019) that we had in 2005 shared with 

him all of our data, code and logs, and prior to publication and worked collaboratively 
with him to generate results that were largely in agreement, leaving our differences to 
matters of interpretation over these results and enthusiasm concerning the causal 
identification strategy. Sander (2019) observes that “In their Stanford article, [Ayres 
and Brooks] reported that the code they used in their analysis was available on a 
website, but the links did not work for us, and [they] did not respond to an email 
asking for the code.” Sander, supra note 6 at 78. We thank Sander for pointing out that 
the link to the data and code from Ayres & Brooks was broken. The link has been fixed 
and is available at https://ianayres.yale.edu/sites/default/files/files/Appendix%202021. 
zip. We welcome continued collaboration in testing our analysis on this important 
matter of policy and law. 

13 These additional observations were missing an answer to the question “Is the law 
school you are attending your first or only choice, second choice, or third or lower 
choice,” which is central to the Ayres & Brooks second choice model. Due to the 
coding error, students without a recorded response to this question were categorized 
as attending their first choice school. In the results tables below, the original Ayres & 
Brooks results are presented under the columns labelled “A & B”, while the columns 
labelled “A & B Correcting Missing Second Choice” contain results from the same 
models, but with the coding error fixed. In each model, correcting the coding error 
slightly increases the measured effect of attending a second-choice school without 
causing any substantial change in how we interpret the results. 

14 As an additional check on the effect that these observations had on the results 
presented in Ayres & Brooks (2005), we compare results from each of the original 
samples against the results from 10,000 counterfactual samples. These counterfactual 
samples are constructed by replacing the 109 incorrectly included observations with a 
randomly selected set of 109 observations with the same racial composition that 
would be dropped from the sample due to any of the filters applied to the data. When 
we perform this comparison, we find that the coefficients of interest derived from the 
original sample all fall between the 20th and 80th percentiles of results from the 
alternative samples, proving that these observations were not deliberately included in 
the original paper and that they do not drive the original results. 
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analyses based on these choices are properly seen as robustness 
checks on Ayres & Brooks’s original findings. Sander’s robustness 
checks use different sub-samples of the BPS data and different de
finitions for assigning tiers in the relative tier analysis. 

Since Sander (2019) is, at its core, a robustness check for Ayres & 
Brooks (2005), it can at most cast doubt on the usefulness of the BPS 
data for answering the question of law school mismatch—doubts 
that, as noted above, Ayres & Brooks previously raised more than a 
decade ago. Importantly, these robustness checks do not funda
mentally change the conclusion reported in Ayres & Brooks and in
stead merely highlight their concerns about the reliability of the BPS 
data for answering questions about law school mismatch. When 
properly implemented and interpreted, some of the results that 
Sander (2019) holds up as indicative of the harmful effects of aca
demic mismatch in fact contradict his claim. Other results presented 
in Sander (2019) raise concerns about the sensitivity of the BPS data 
to minor changes in sample selection criteria, but none of the results 
provide compelling support for Sander’s strong claim that affirma
tive action has reduced the number of black lawyers.15 

On the fundamental assertion advanced by Sander—that is, that 
racial preferences end up producing fewer black lawyers each year 
than would be produced by a race-blind system—we remain un
persuaded that the available data and methods allow causal identi
fication. Bjerk (2019) outlines several concerns about Sander’s 
interpretation of his results and provides an explanation of some of 
the flaws in utilizing the BPS data for causal analysis. In the sections 
that follow, we discuss the underlying theory of mismatch, provide 
several critiques of Sander’s replication, present additional robust
ness checks, and expand upon several of Bjerk’s points. 

2. Second choice analysis 

Sander begins his discussion of Ayres and Brooks with a critique of 
their second-choice analysis. In a footnote, Sander (2019) encourages his 
reader to look at “the ‘second-choice’ section[,] pages 1827–1838″ in 
Ayres & Brooks (2005).16 We would recommend the same, both for the 
motivation of the analysis and for its conclusions, which are obscured 
and mischaracterized by Sander’s (2019) discussion. To briefly sum
marize: the second-choice approach proposed by Ayres and Brooks 
exploited the fact that the Bar Passage Study contains data on students 
who reported being accepted to their first-choice law school as well as 
whether they attended that school or attended their second-or-lower- 
choice school. By comparing those students who attended their first- 
choice to those that were also accepted to their first-choice but chose to 
attend their second-or-lower (presumptively less competitive) choice 
school, Ayres and Brooks implemented a crude application of the ap
proach taken by Dale and Krueger (2002) to estimate the effects of 
attending more selective colleges.17 In the law school context, a second- 

choice approach showing, for instance, that black students perform 
better when attending (presumptively) less selective schools could 
bolster the argument that affirmative action is causing “an unfortunate 
‘mismatch’” effect on its minority beneficiaries.18 Sander referred to the 
second-choice identification strategy “an ingenious way of getting 
around some of the key limitations of the [Bar Passage Study] data.” 
Calling it ingenious is surely an overstatement, as it follows immediately 
and derivatively from Dale and Krueger among others, still there are 
subtleties in the theoretical application of the approach that are easily 
overlooked and require careful attention. 

In the following subsection, we address several issues that pre
vent a second-choice analysis from providing strong causal in
ferences: 1) second-choice analysis fails to differentiate the effects of 
undermatching and overmatching; 2) to make causal claims, second- 
choice analysis requires unsupported assumptions about linearity 
and monotonicity of effects; 3) confounding variables interact with 
race for selection into attending a second-choice school; and 4) 
confounds also interact with race while students are in law school in 
ways not accounted for by the second-choice analysis. We also ad
dress how Sander’s second-choice outcome variables interact with 
this more nuanced understanding of the second-choice analysis. 

2.1. Theory 

Two distinct modes of mismatch are suggested in the general 
hypotheses. First, students may be outmatched, or “overmatched,” 
by their peers along key dimensions of interactions or qualifications 
within a given environment. Second, students may outmatch, or be 
“undermatched” with, their peers. As typically stated, the mismatch 
hypothesis focuses on overmatching. These two distinct modes—i.e., 
being overmatched and being undermatched—are often conflated, 
confused, or entirely disregarded in discussions of academic mis
match. It is, however, important to distinguish these separate effects 
and how they related to each other both in practice and in demon
strating their impacts. 

However, second choice analysis is ill-suited to separate out 
these effects. When a student chooses to attend their second-choice, 
presumptively less competitive school, they increase the likelihood 
that they are undermatched and decrease the likelihood that they 
are overmatched. To bring the second-choice analysis to bear on the 
conventional mismatch critique of affirmative action is to leverage 
evidence of both undermatching and overmatching in support of an 
argument solely about overmatching. As Table 1 shows, attending a 
second-choice school increases the likelihood of being under
matched (as measured by being above the tier mean for both GPA 
and LSAT) and decreases the likelihood of being overmatched (as 
measured by being below the tier mean for both GPA and LSAT). In 
other words, the evidence on mismatch is not direct but rather 
indirect. 

Demonstration through indirect evidence is certainly not dis
qualifying, but it does require careful thinking about the channels 
through which the indirect evidence can be made to reach the ar
guments it is called on to support. While it may be tempting to see 
overmatching simply as “a mirror image” of undermatching, as 
Sander suggests, in all likelihood the relationship between the two 
phenomena is not so straightforward.19 

To be clear, when Sander argues that the use of racial preferences 
in law school admissions causes black underperformance (and 

15 “[R]acial preferences have the systematic effect of corroding black achievement 
and reducing the number of black lawyers.” Sander, supra note 9, at 475. “When one 
takes into account the corrosive effects of racial preferences on the chances of all black law 
students to graduate and pass the bar, these preferences probably tend, system-wide, to 
shrink rather than expand the total number of new black lawyers each year. If all pre
ferences were abolished, the data. suggests that the number of black attorneys 
emerging from the class of 2004 would be 7% larger than it is.” Id. at 479 (emphasis in 
original). 

16 Sander, supra note 6, at 79. 
17 Stacy Berg Dale & Alan B. Krueger, Estimating the Payoff Attending a More Selective 

College: An Application of Selection on Observables and Unobservables, 117 Q. J. ECON. 1491 
(2002). In their study Dale and Krueger knew the specific identities of schools and 
were therefore able to construct an objective selectivity scale. Additionally, knowing 
the schools applied to and attended by the students in their study, they were able to 
construct exact matches (as well as rough matches) of, say, two students who were 
admitted to Harvard College and where only one attended Harvard while the other 
went to a less competitive institution. In contrast, the data for the law school second- 
choice analysis offers no means to directly control for school-specific selectivity or 
exact matches. 

18 A corollary of the mismatch hypothesis predicts that majority white students are 
also beneficiaries of affirmative action. To his credit, Sander acknowledges that 
“whites probably have higher grades, graduation rates and bar passage rates than they 
would in a system totally lacking racial preferences, but he makes little of the benefit 
that whites are predicted to achieve. Sander, supra note 9, at 371 (footnote 6). There 
may be good reason for him to discount these benefits, as we will discuss. 

19 Id. 
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therefore affirmative action should be eliminated) he is making an 
overmatching claim. A basic challenge in supporting this claim with 
a second-choice analysis is that the second-choice estimates for 
black students will capture the combined effects of changes in two 
types of academic mismatch. Any second-choice analysis on min
ority students is confounded by the fact that the strategy estimates 
the net effect of decreasing overmatch and increasing undermatch. 
Invoking such analyses in arguing for the elimination of affirmative 
action is a tricky exercise. The question now becomes under what 
conditions may evidence of changes in both undermatching and 
overmatching inform an overmatched claim. 

One might look for some sort of quasi-linear or monotonic local 
relationship on the degree of relative mismatch. The mismatch hy
pothesis posits that being overmatched may manifest in objectively 
worse outcomes than would have been achieved absent the over
match. But it is not clear a priori whether undermatching or over
matching will in fact result in worse outcomes for the mismatched 
students. If being overmatched leads to reduced expected perfor
mance, being slightly undermatched by peers might lead to in
creased expected performance. Non-locally we would not expect 
linear or even monotonic changes in performance from sufficiently 
large amounts of overmatching. While a sufficiently large mismatch 
would almost certainly harm student outcomes, it is not clear how 
large a mismatch would need to be to cause this detrimental effect, 
or whether the differences in the quality of student credentials in 
law schools are sufficiently large to cause this effect. 

Fig. 1 presents several potential relationships between mismatch 
and student performance. For example, the relationship presented in 
Panel A would suggest that overmatching is always harmful, while 
undermatching is always beneficial. Panel B shows a relationship in 
which being either undermatched or overmatched on incoming 
credentials is always harmful. And Panel C presents a relationship in 
which a slight degree of either form of mismatch may be beneficial, 
while a large degree of mismatch would be harmful. Without greater 
clarity over which of these or other possibilities describes the true 

relationship between mismatch and student performance, utilizing 
mixed undermatching and overmatching evidence to assess over
matching claims may result in erroneous claims. 

We believe the most reliable evidence on undermatching from 
second-choice analyses may be found among white students (not 
black or other underrepresented students). That is, even assuming 
that black students are more competitive vis-à-vis their peers at 
their second-choice rather than first-choice schools, they may still 
(by supposition) be overmatched at their second-choice school due 
to affirmative action, or they may be undermatched. So, it is difficult 
to discern whether any demonstrated effects in the second-choice 
analysis of minority students are due to increased undermatching or 
decreased overmatching. Even if a second-choice analysis did find 
improvements among second-choice black students, the effect may 
be attributed to some racial preference in admissions, though per
haps not as much as might have been the case at their first-choice. 
Following this logic would not recommend an elimination of affir
mative action so much as a reduction or other change in the degree 
or manner of racial preferences in law school admissions—and there 
would be no reason from this limited perspective to presume that 
zero preference is the optimal quantum. 

To test the validity of the undermatched hypothesis implicit in 
the second-choice analysis, it would be best to remove the clouding 
effects of affirmative action which may render some under
represented students overmatched and others undermatched at 
their second-choice school. White students in the sample, by as
sumption, are not subject to the direct distortionary effects of affir
mative action, so they represent a cleaner (but still far from perfect) 
test of second-choice undermatching. This means that white stu
dents who attend their first-choice school should, on average, be 
matched to their white peers, while white students that attend their 
second-choice or lower school should, on average, be undermatched 
with those peers. Therefore, for white students the measured 
second-choice impact may primarily identify an effect of being un
dermatched that can then be brought to bear as evidence on the 

Table 1 
Observable Credential Overmatching and Undermatching.      

Above mean GPA and LSAT for tier Below mean GPA and LSAT for tier  

All Students  33.4%  24.0% 
Black, attending first-choice  4.7%  67.0% 
Black, attending second-choice  5.1%  65.3% 
White, attending first-choice  37.8%  16.7% 
White, attending second-choice  45.9%  13.6% 

Fig. 1. Several Potential Relationships Between Mismatch and Bar Passage.  
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effects of affirmative action on overmatched white students (recall 
they too are beneficiaries of affirmative action by Sander’s hypoth
esis). Even this cleaner test requires the unsupported assumption 
that there is linearity across degrees of mismatch to make any causal 
claims about undermatching versus overmatching. While white 
students at their first-choice school will on average match the ob
servable credentials of their white peers, there is still variance in 
incoming credentials among white students. This means that some 
white students will be undermatched and others will be over
matched at their first-choice school. So, attending a second-choice 
school would lead some white students to be undermatched to a 
greater degree than they already were and others to simply be less 
overmatched. While more white students attending their second- 
choice school should be undermatched than overmatched, claiming 
that undermatching is driving any observed effects requires the ef
fects of mismatch be linear. That is, decreasing overmatching would 
need to have an equal effect to increased undermatching, cancelling 
out the limited overmatching and leaving just the more dominant 
undermatched effect. Without this assumption, white students’ 
outcomes at their second-choice school may not be useful as indirect 
evidence on overmatching. 

But what about black and other underrepresented students? 
Even if the assumptions necessary to support a second-choice 
analysis of undermatching amongst white students hold, does the 
second-choice (undermatching) evidence based on white students 
inform the affirmative action (overmatching) claims about black 
and other minority students? It could if you believe that there are 
no direct or unobserved effects of race in undermatching and 
overmatching. Assuming race-neutrality in the selection and other 
mechanisms at play, the second-choice (undermatching) analysis 
on white students could well inform the claim that affirmative 
action (through overmatching) harms its minority beneficiaries. 
However, this assumption does not appear to be well-founded. 
Race may be correlated both with selection into a second-choice 
school and with the effects of undermatching or overmatching 
during law school.20 

Here it is important to note that Sander’s argument draws 
heavily on the assumption of race-neutrality. That is, he assumes no 
racial differences or effects of race in student performance.21 In his 
model, it is only the mechanism of race-based affirmative action that 
causes minority students to become mismatched–specifically over
matched–and that is what leads to their underperformance in law 
schools and on state bar examinations. Other mechanisms causing 
overmatch, such as athletic or legacy preferences would, by this 
argument, similarly lead to underperformance among athletes and 
the children of alumni. In Sander’s model, but for the mischief 
caused by race-based affirmative action, which is merely an indirect 
effect creating the conditions for underperformance, black law stu
dents and lawyers would be indistinguishable from their white 

counterparts on all observable measures. Get rid of the distortionary 
influences of affirmative action, he suggests, and minority under
performance in law schools, on state bar exams and in professional 
outcomes will vanish along with it.22 

Notwithstanding the weight of contrary evidence, there remains 
more fundamental challenges to causal claims based on conven
tional mismatch arguments like those posed by Sander. Affirmative 
action is not the only distortionary influence operative in mismatch 
games that occur in law schools, on bar exams and in professional 
legal practice. It is exceedingly difficult to identify the mechanisms 
through which these influences operate and practically impossible 
to predict their effects. These effects play out and are typically rea
lized in settings that reveal what is expected from all those present, 
which makes causal identification notoriously difficult. Mismatch 
encounters are nothing like double-blind experimental treatments. 
Participants and observers usually know or think they know who is 
favored to succeed in these encounters, and those beliefs can sig
nificantly impact the performance and conduct of participants and 
audience alike.23 

To illustrate the epistemological challenges here, consider a 
much simpler scenario in which a professional tennis player faces off 
against an amateur. Lest you dismiss the tennis illustration as inapt 
to the law school setting, take note that athletic mismatch and 
academic mismatch are not as attenuated as might be at first be 
supposed. Both types of mismatch are mediated through psycholo
gical processes that can heighten or undermine physical and cog
nitive capacities. Presenting an athletic task in terms of (dis) 
favorable social comparisons can inspire or impede a player’s per
formance.24 Just as an academic task presented in a certain way or 
context can trigger downward social comparisons or the like to the 
benefit or detriment of a student’s performance.25 The point is that 
mismatch effects are rarely only a matter of preexisting differences. 
To determine why this raises a fundamental challenge to the iden
tification of benefits or harms from being mismatched, let’s return to 
the tennis match. 

20 Second-choice analysis may suffer from bias arising out of which students choose 
to attend their second-choice schools. While academic mismatch theory assumes 
students are “matched” when they have the same observable incoming academic 
credentials as their peers, a host of other factors affect students’ perceptions of how 
well they “match” with a school. These factors, such as how close a school is to family 
or financial stress from the cost of attendance, are likely correlated with both at
tendance of a second-choice school and learning during law school, biasing the 
second-choice results. “It is interesting to note that blacks were twice as likely as 
whites to turn down their first choice (20% of blacks and 10% of whites did not attend 
their first choice, conditional on being admitted).” Ayres & Brooks, supra note 12, at 
1833. Attending a second-choice school is also correlated with gender and the number 
of schools that a student applies to. This selection of observables may be indicative of 
selection on unobservables, strengthening our concern about the usefulness of this 
second-choice analysis for causal estimation. 

21 Race is not central to his analysis and Sander appears to reject all differences 
based on race, from blatant simple-minded assertions of innate intellectual inferiority 
or superiority to more subtle or complex mechanisms of institutional, implicit or 
subconscious racism. 

22 To empirically support the optimistic prediction that eliminating affirmative ac
tion alone will eliminate outcome gaps suffered by minority students, Sander relies on 
an estimation strategy that measures the average effect of both decreasing over
matching and increasing undermatching (ignoring any bias from confounds not 
captured in the model) for all students that choose to attend their second-choice 
school. 
23 The impact of audience or observers’ beliefs on performance and conduct has 

been well documented and is effectively conveyed by in expression “the soft bigotry of 
low expectations,” which was popularized by George W. Bush and credited to his 
speech writer Michael Gerson. See Michael J. Gerson, Heroic Conservatism: Why 
Republicans Need to Embrace America's Ideals (And Why They Deserve to Fail If They 
Don't), 2008. 

24 See, for example, Stone et al. (1999), who conducted experiments revealing, inter 
alia, that “Black participants performed significantly worse than did control partici
pants when performance on a golf task was framed as diagnostic of ‘sports in
telligence,’ [while] White participants performed worse … when the golf task was 
framed as diagnostic of ‘natural athletic ability.’” Stone, J., Lynch, C. I., Sjomeling, M., & 
Darley, J. M. (1999). Stereotype Threat Effects on Black and White Athletic Performance, 
JOURNAL OF PERSONALITY AND SOCIAL PSYCHOLOGY, 77(6), 1213–1227. The exact mechanism is 
hard to pin down, but “[t]he available evidence suggests that the threat of confirming 
a negative stereotype in a sports context causes athletes to focus on avoiding failure, 
which weakens performance because it interrupts proceduralized sensorimotor re
sponses and impairs working memory capacity.” Jeff Stone, Aïna Chalabaev and Keith 
Harrison, Keith, The Impact of Stereotype Threat on Performance in Sports, in Stereotype 
Threat: Theory, Process, and Application (Michael Inzlicht, Toni Schmader, eds) 2012, 
pp.217–230 
25 As Ayres and Brooks noted, [p. 1839] “[t]he overperformance of black students at 

historically black schools seems particularly relevant here.” See also Steven J. Spencer, 
Claude M. Steele and Diane M. Quinn, Stereotype Threat and Women’s Math 
Performance, JOURNAL OF EXPERIMENTAL SOCIAL PSYCHOLOGY 35,4–28 (1999). (“When women 
perform math, unlike men, they risk being judged by the negative stereotype that 
women have weaker math ability. We … hypothesize that the apprehension it causes 
may disrupt women’s math performance”); Gregory M. Walton & Geoffrey L. Cohen, 
Stereotype Lift, 39 J. Experimental Soc. Psychol. 456 (2003). 
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While the skill levels between the amateur and professional are 
mismatched, it is unclear how each will perform compared to their 
baseline against competitors of the same abilities and how the 
mismatch will affect each player’s future performance. Will the 
amateur rise to the additional challenge of facing a professional and 
outperform their baseline? Will they perform exactly at the level 
they typically do or might they succumb to nerves and miss shots 
that they would have landed had they been facing another amateur? 
Similarly, will the professional take the opportunity to land their 
shots perfectly, or might they lose focus and drop points that they 
would have finished off against another pro? It is unclear a priori 
which of these scenarios is most likely to occur and the outcome is 
likely to vary across individuals. 

It’s not that mismatch has no predictive power – it is quite likely 
that the professional would win this match. Similarly, one should not 
be too surprised if a student with incoming credentials substantially 
below the mean of their classmates performs less well than their 
peers in tasks predictably correlated with those incoming creden
tials. But, outside of a zero-sum context, that’s not the only com
parison or even the most relevant one. Crucially, we might ask how a 
mismatched student performs against herself in the counterfactual 
where there was no mismatch. Does being undermatched help or 
hurt a student compared to being well matched? What about being 
overmatched? Are the two dynamics symmetric, allowing us to draw 
inferences from one dynamic and apply them to the other? In par
ticular, linear application of undermatching to overmatching may 
not be a reasonable assumption here. It is a basic insight of Prospect 
Theory that losses weigh on us more heavily than gains, and perhaps 
there is a similar pattern with overmatching and undermatching.26 

What is the relationship these two types of mismatch and how 
ought we properly apply evidence of second-choice undermatching 
to an affirmative-action overmatching argument? We don’t know. 

Without a controlled experiment or a full grasp of the mechan
isms at play, we must be careful in making causal claims. This is why 
Ayres & Brooks (2005) included data filters in their analysis. Any 
willingness to dispense with filters that provide a tighter match 
between the treatment and control groups or to unreservedly em
brace evidence from a second-choice framework misses the broader 
point and the difficulty of the empirical questions at hand. Does 
affirmative action place black students in a more competitive en
vironment? Yes, definitely. Should applicants who are admitted to 
schools where they are mismatched on incoming credential attend 
those schools or aim lower (or higher)? Does that make them in 
effect wildcards, who are, as Thernstrom wrote, “[u]nable to stand 
the competition [and]. not make it to the end”? Does affirmative 
action make it less likely that black law students will become law
yers? On this empirical question, our second-choice analysis doesn’t 
suggest so. In a more competitive environment, they will have to 
work harder and may not find it so easy to ace exams. That’s true of 
everyone in more competitive environments. The bottom half of 
every class is always mismatched against the top. 

Should a black student impacted by affirmative action or a white 
student with legacy benefits turn down Stanford law school to 
achieve better grades and a high chance of passing the bar on the 
first try? No second-choice analysis can answer this question. Even if 
a second-choice analysis found positive effects of undermatching on 
bar passage, you must look elsewhere. In life, we are regularly 

confronted with this “most common question: Play it safe, or take a 
risk?”.27 

Even disregarding the forgoing critiques of the usefulness of 
second-choice analysis for assessing affirmative action programs, we 
are skeptical that some of the outcomes Sander uses in his second- 
choice analysis are of much use. Sander’s article emphasizes second- 
choice results with first-year or overall law school grades as the 
outcome variable. However, these variables do not provide direct 
evidence on the question of whether affirmative action affects the 
number of black lawyers. Thinking back to the tennis example dis
cussed above, we may ask not only how the players will perform in 
this individual match, but rather how the mismatch will affect their 
long-term performance. This difference is particularly important to 
consider when assessing Sander’s choice of second-choice outcome 
variables. Regardless of whether a student becomes less over
matched and more undermatched by attending their second-choice 
school, it is likely that they have shifted themselves up the grading 
curve among their classmates – even if that change in relative 
ranking comes at the expense of their overall learning experience. 
This may result in mismatch having different relationships with law 
school GPA and bar passage. The fact that students may move 
themselves up a grading curve but harm their overall learning ex
perience by attending their second-choice school suggests that 
mismatch and law school GPA may have a relationship like that in 
Panel A of Fig. 1, while bar performance may exhibit an entirely 
different relationship like that in Panel B. Without stronger evidence 
than is currently available, it is not even possible to determine 
whether the outcome variables Sander utilizes are relevant to his 
primary question. 

2.2. Data 

Sander describes the differences between the original Ayres & 
Brooks data cleaning steps and Sander’s preferred steps in their  
Table 2 [copied below for ease of reference]. In this table, however, 
Sander incorrectly characterizes the Ayres & Brooks filters. Ayres & 
Brooks exclude all individuals that respond “yes” to Q61a (asking if 
students did not attend their first choice school because they were 
not admitted), regardless of their whether they attended their first 
choice school or not. Due to this, item #4 in Sander Table 2 should be 
checked for the Ayres & Brooks column. Sander appears to have 
matched the Ayres & Brooks sample, so we assume that this must 
have been an error in constructing Table 2.28 

Reproduction of Sander Table 2.      

Ayres & 
Brooks 

Wide 
Filter 

Narrow 
Filter 

1) Eliminate missing values on key variables X X X 
2) Eliminate "first choicers" who rspond "yes" 

to Q61a 
X  X 

3) Eliminate "first choicers" who respond to any 
part of Q61   

X 

4) For "second or third choicers" on esq59, eli
minate that those answering "yes" to esq61a   

X 

26 There are clear benefits to downward social comparisons, but they are not lim
itless. If persons of Chinese ancestry perform better on math tests when reminded of 
that lineage, the reminder won’t compensate for not knowing the quadratic equation 
or some other knowledge she simply doesn’t know. Nor can a competitive athlete, 
whose confidence is boosted when faced by an apparently weaker opponent, perform 
beyond the limits of their capacity. Failing to live up to one’s capacity, however, can 
take limitless forms. 

27 Cass R. Sunstein, “Born to Be a Wild Card: What happens when a Harvard pro
fessor enters a professional squash tournament against the world's best players?” The 
Atlantic, April 29, 2015. 
28 Sander is not able to exactly match the regression results from Ayres & Brooks. We 

believe that this is due to the fact the there is a difference between how the Bar 
Passage Study’s race variable and the study’s race dummy variables are constructed. 
Specifically, Hispanic ethnicity is not consistent across these variables. We will not 
argue that one of these variables is correct and instead simply note that this is an 
issue with the underlying data and does not appear to have a material impact on the 
results. For the tables below, we follow Sander's variable choice for simplicity of 
comparison. 
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5) For "second or third choicers" on esq59, eli
minate those who did not answer esq61a   

X 

6) Eliminate those who appied to only one sch
ool (esq57)   

X 

7) Eliminate those accepted to only one school 
(esq58) 

X X X 

8) Eliminate those missing a response to esq58   X 
9) Eliminate those missing a response to esq59  X X 
10) Eliminate those missing first-year law scho

ol GPA 
X   

11) Eliminate those missing a response to esq61a  X X 
Total remaining cases 7272 7726 7171 
White students 5804 6185 5765 
Black students 657 674 609  

This issue aside, Sander correctly points out that Ayres & Brooks 
failed to exclude some students who are missing an answer to Q59 
(asking whether the student is attending her (i) “first or only choice,” 
(ii) “second choice” or (iii) “third or lower choice”). Sander asserts 
Q59 is “[t]he essential question for distinguishing ‘first’ and ‘second’ 
choice students,” but in fact Ayres & Brooks took another question as 
the key to distinguishing “first” and “second” choice students: they 
generated their second-choice sample based on questionnaire item 
Q61, which asked student-respondents why they were not attending 
the school that was their first choice. Three prompts were available 
to this question: (i) “I was not admitted,” (ii) “I was admitted but it 
was too expensive given the financial aid made available to me,” (iii) 
“I was admitted, but it was too distant from my family or personal 
responsibilities or attachments”. Ayres and Brooks drop those stu
dents who responded that they were not admitted to their first- 
choice school, and kept the remainder who all reported being ad
mitted to their first-choice choice but did not attend. These students 
made up the second-choicers (i.e., those who reported being ad
mitted to, but not attending, their first choice school). After taking a 
further step to a clean the data by eliminating inappropriate re
sponses to Q61, Ayres & Brooks generated a second-choice dummy 
variable which was set to 1 over the remaining sample. Their error 
occurred in the next step wherein they sought to define those stu
dents who were not second-choicers with the command. So it be
came possible that “second-choicers” may not have answered Q59, 
as Sander notes (at p. 78), but not for the reason he suggests. In any 
event, we acknowledge and correct this error in columns 4–6 of the 
regression tables that follow. 

Sander also argues that the choice in Ayres & Brooks to exclude 
students that are missing first year grades from the entire analysis, 
rather than just the regressions on first year grades, is an “actual 
error” rather than a modelling choice. We disagree with this char
acterization. Limiting the dataset to individuals that have all out
come variables is not an error and instead a reasonable sample 
selection choice. To check robustness to this sample selection cri
teria, we include specifications that remove this inclusion criteria (in 
addition to correcting the coding error mentioned above) in columns 
7–9 of the regression tables that follow. If the results without this 
additional inclusion criteria or with other reasonable data cleaning 
criteria vary substantially, this should cause worry about the ro
bustness and potential usefulness of the underlying dataset for an
swering questions of mismatch.30 

When we make both of the changes that Sander claims are errors, 
we do not match Sander’s “Replication of A&B w/errors removed.” 
Sander may have implemented additional changes to the data that 
are not reported, or may have made an error in implementing the 
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stated changes.31 Whatever the cause of this discrepancy, we find a 
much smaller difference between the updated and original Ayres & 
Brooks results than does Sander. In fact, we observe that the effect of 
second choice on final law school grades for black students is smaller 
and statistically insignificant when these changes are im
plemented.32 

Sander’s Table 2 also offers two alternative approaches to 
cleaning the raw data from the Bar Passage Study Data: a “wide 
filter” and a “narrow filter.” These cleaning steps seem reasonable, 
though neither is necessarily superior to the corrected Ayres & 
Brooks data filters. With this in mind, these alternative cleaning 
methods act as robustness checks on the Ayres & Books results. 

In our attempt to replicate Sander, we found that Sander’s Table 2 
does not accurately describe Sander’s own filters. We believe that 
Sander did not implement filter #11 (that both the narrow and wide 
filters should "[e]liminate those missing a response to esq61a") as 
they state. We are able to match the race distribution of Sander's 
narrow filter dataset (as presented in Sander Table 2) when we do 
not implement filter #11. Sander's filters #1–9 are constructed such 
that no first choice students have an answer to Q61a, so im
plementing this filter would eliminate the 6088 first-choice students 
that make up the vast majority of the 7171 students in the final 
"narrow filter" dataset. While we were able to match Sander's 
"narrow filter" sample, we are unable to replicate the "wide filter" 
sample.33 

2.NaN. Empirics 

Tables 2–5 present regression results from the original Ayres & 
Brooks model from 2005 (labelled “A&B”), the Ayres & Brooks model 
correcting for the missing-second-choice coding error, the Ayres & 
Brooks model correcting for the coding error and including in
dividuals that are missing first year grades, the Sander “narrow 
filter” model, and our implementation of the Sander “wide filter” 
model. Tables 2 and 3 present OLS regressions as are presented in 
Sander Tables 3 and 4. Tables 4 and 5 present logistic regressions as 
are presented in Sander Table 5 and 7. The basic regression equa
tion is: 
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31 Compare Table 3, specifications (7) and (8) with Sander (2019) Table 4, specifi
cations (9) and (10). 

32 See Table 3 specification (8). 
33 As Sander Table 2 shows, the “wide filter” dataset requires a subset of the data 

cleaning steps used for the “narrow filter” subset. Specifically, the “wide filter” 
cleaning eliminates filters #2–6 and #8 from Sander Table 2. However, when we 
eliminate these filters to achieve the “wide filter” dataset, we are left with a sample of 
16,846 students (13,716 white students and 1140 black students), whereas Sander 
claims that the “wide filter” dataset should contain 7726 students (6185 white stu
dents and 674 black students). 

The difference between the original Ayres & Brooks dataset (n = 7212) and the 
Sander "wide filter" dataset should be found 1) eliminating filters #2, #4, and #10, 
which were applied to the Ayres & Brooks data; and 2) adding filter #9 (and possibly 
filter #11), which was applied for the "wide filter" dataset. After filters #1 and #7 are 
applied (as occurs for both the Ayres & Brooks and Sander datasets), there are 9722 
observations that would be excluded by filters #2, #4, and #10. However, when filters 
#1 and #7 are applied, there are only 148 observations excluded by filter #9, so it is 
surprising that Sander's "wide filter" dataset reports only 454 more observations than 
the original Ayres & Brooks dataset (7726 vs. 7272). If we apply filter #11 from Sander  
Table 2 (which was not applied when we matched Sander's "narrow filter" sample), 
we obtain a sample of 10,459 students (8499 white students and 645 black students). 
The number of black students in this alternative sample is lower than the number of 
black students that Sander reports for the "wide filter" dataset in Table 2 (674), which 
further suggests that filter #11 was not implemented for either the "narrow filter" or 
"wide filter" datasets. We were not able to determine a combination of Sander's listed 
filters that led to the correct sample size for the Sander "wide filter" dataset. Due to 
this, the regression tables below present results from our interpretation of the wide 
filter (starting with the “narrow filter” steps and eliminating filters #2–6 and #8). 
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Y race male school tier second choice
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Where Y is the first year law school grades, final law school grades, 
first time bar passage, or eventual bar passage; race is a series of 
indicator variables for Asian, Black, Hispanic, and other race stu
dents; male is an indicator variable for student gender; school_tier is 
the tier of the school that the student ultimately attended; sec
ond_choice is an indicator variable for whether a student attended 
their second-choice or lower school; and n_applications is the 
number of schools that a student applied to. These equations are 
these same as those used in Ayres & Brooks (2005) and Sander 
(2019). If the coefficient on attending a second choice school is po
sitive and significant, there may be support for Sander’s mismatch 
argument so long as all of the necessary assumptions discussed 
above are met. 

Table 2 presents regressions for the effect of attending a second- 
choice school on first-year law school grades. We observe that the 
effect is positive, but smaller and less significant for black students 
than for white students in each analysis. Echoing Ayres & Brooks 
(2005), the positive coefficients on second choice could provide 
some support for academic mismatch theory even though the effects 
are larger for white students. However, the fact that effect sizes are 
larger for white students raises concern about whether the model is 
providing useful information about decreased overmatching for 
black students or whether sample selection bias or increases in 
undermatching (which as discussed above may not provide insights 
for overmatching) are driving the results. 

Table 3 presents similar findings with regressions for final law 
school grades, with the coefficient on second choice smaller for black 
students than for white students in every specification. Of note, the 
coefficient on second choice is insignificant for black students in 
specification (8) and is negative and insignificant for black students 
in Specification (14) while the corresponding coefficient for white 
students is positive and statistically significant for those models. 
This set of results provides weaker evidence for the existence of 
academic mismatch and again finds a larger affect for white students 
than for black students. 

Table 4 presents analogous regression results for the effect of 
attending a second-choice school on first time bar passage. We ob
serve that the coefficient on second choice for black students is 
positive and statistically significant in every specification except the 
Sander “wide filter” model. The corresponding coefficients for white 
students are always insignificant. This provides support for the 
theory that academic mismatch negatively impacts black law stu
dent performance on their first bar exam, again subject to concerns 
about the validity of the second-choice analysis. 

Table 5 is the most important presented here, as it provides 
evidence on Sander’s core question – whether affirmative action 
reduces the number of black lawyers. Specifically, it presents re
gressions that test whether or not attending a second-choice school 
impacted students’ likelihood of eventual bar passage. Only Sander’s 
new robustness check models provide even marginally significant 
positive coefficients on second choice for all students combined. No 
models – not even Sander’s preferred specifications – have a sta
tistically significant coefficient on second choice for black students, 
and the sign and magnitude of the coefficient vary across the 
models. This Table alone provides strong evidence against Sander’s 
theory that academic mismatch decreases the number of black 
lawyers. Importantly, while Table 4 provides evidence (subject to the 
theoretical concerns discuss above) that academic mismatch may 
have a negative impact on a black law student’s performance on 
their first bar exam, Table 5 shows that there is no such effect for 
eventual bar passage. 

Viewed together, these results do not provide a consistent ac
count of mismatch’s effects and do not provide evidence that 

academic mismatch decreases the number of black lawyers. In the 
largest share of specifications, attending a second-choice school is 
correlated with positive outcomes for all students, but even better 
outcomes for white students than for black students. In other spe
cifications, attending a second-choice school again appears to be 
correlated with positive outcomes for all students, but with black 
students appearing better off than white students. And in the re
gressions most important for assessing the relationship between 
attending a second-choice law school and becoming a lawyer, there 
does not appear to be a statistically significant relationship for any 
group of students. No clear story about undermatching or over
matching appears from the set of regressions as a whole and the 
results cannot be said to support Sander’s academic mismatch 
theory. 

3. Relative tier analysist 

In the relative tier analysis from Ayres & Brooks, minority stu
dents are assigned to an estimated tier that they would attend if they 
were white (based on an index of their undergraduate GPA and LSAT 
score). The difference between this theoretical tier and a student’s 
actual tier is their relative tier. If a student has a positive relative tier, 
they are attending a higher-tier school than they would be expected 
to attend if they were white. The Ayres & Brooks relative tier analysis 
provides evidence that moving up one relative tier may increase bar 
passage rates. 

Sander disagrees with the way in which relative tiers are as
signed in Ayres & Brooks and offers an alternative approach. In ad
dition, Ayres & Brooks exclude historically minority law schools from 
their relative tier analysis, while Sander suggests that these law 
schools should not be excluded. In the Comment letter published 
alongside “Replication of mismatch research: Ayres, Brooks and Ho,” 
Bjerk addresses Sander's critiques of this analysis rather thoroughly 
and so we will not discuss them at length here.34 Bjerk notes that 
Sander effectively conducts a robustness analysis of the tier assign
ment from Ayres & Brooks, concluding that the reader can decide 
whether the method of assigning tiers in Sander is an improvement 
over the method used in Ayres & Brooks. Again, we believe that this 
acts as a robustness check on the results from Ayres & Brooks. 

More importantly, Bjerk notes that, even if we accept Sander's 
relative tier model, there is no evidence of mismatch. Sander in
correctly claims that the coefficient on the 'relative tier x black' in
teraction term captures the claimed mismatch effect. However, the 
fact that this interaction term is negative indicates that black law 
students benefit from a higher tier less than white law students do. 
As Bjerk notes, the total effect of increasing the relative tier for a 
black student is equal to the coefficient on 'relative tier x black' plus 
the coefficient on 'relative tier'. Adding these two coefficients to
gether, the resulting effect is effectively zero. For Sander's three 
modified specifications in Sander Table 11, the coefficient for 're
lative tier' ranges from 0.119 to 0.149 and the coefficients for 'relative 
tier x black' range from −0.120 to −0.134, depending on the specifi
cation. Adding the coefficients suggests an effect ranging from 
−0.014–0.015. Since the total is approximately zero, there is no evi
dence that black law students are hurt by moving up a tier. Properly 
interpreted, Sander’s own preferred specifications find no evidence 
in support of academic mismatch. 

Sander's alternate relative tier assignment method provides a 
robustness check that suggests that relative tier does not have an 
effect on bar passage rates for black law students. As Bjerk notes in 
the Comment on Sander’s article, even if moving up a relative tier 
does not improve bar passage, the jump can provide access to 

34 Bjerk, supra note 31. 
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stronger alumni networks and job placement that can benefit stu
dents over their length of their careers. 

We must also note that the same caveat that applied in Ayres & 
Brooks applies here: “we do not view these estimates as definitive, 
as they are derived within the simple tier-index score framework.” 
Just as it is important to note this caveat, it is also important to 
reiterate that none of the evidence from this analysis—including 
Sander’s own specifications—provide evidence in support of mis
match theory. 

4. Conclusion 

“Replication of mismatch research: Ayres, Brooks and Ho” does 
well to point out a coding error in Ayres & Brooks regarding re
spondents who failed to answer the second-choice question and to 
provide robustness checks for that paper. These robustness checks 
suggest that the strength of some results in Ayres & Brooks may be 
sensitive to specification, highlighting the difficulty of using the Bar 
Passage Study data for causal inference. A fact that should give pause 
in making unrestrained causal claims based on the data and ana
lyses. Sander pursues the opposite tack, going too far in making an 
unbridled assertion of definitive evidence of mismatch between 
black law students and their schools. When implemented and in
terpreted correctly, many of Sander’s results run counter to the claim 
that their “results add significantly to the body of research finding 
support for the law school mismatch hypothesis.” Just as reported in 
Ayres & Brooks, these results provide mixed evidence on whether 
there is mismatch that occurs between law students and their 
schools, measured by law school grades and first-time bar passage. 
These results do reaffirm that there is no evidence suggesting that 
the number of black lawyers, measured by eventual bar passage, is 
affected by academic mismatch. 

After evaluating Sander’s recent replication and reevaluating our 
own prior analysis, we find ourselves largely where we were in 2005, 
hesitant and doubtful about the empirical identification of mismatch 
given the limits of the data and methodological approaches, in 
contrast to Sander’s zealous confidence. As before, even when 

observing the same results as us, Sander appears disposed to reach 
different conclusions. There’s nothing essentially wrong with that. 
Commenting on our differing dispositions in 2005, Sander wrote: 
“Let me be clear: I do not question Ayres and Brooks’s good faith in 
consnottructing their alternate methodologies and sounding a gen
eral negative tone[;] I think, rather, that their response provides an 
exceptionally good example of how even fair-minded researchers 
can look past the data when they have fastened too early upon 
conclusions they think they should reach.”35 We would, today, re
turn the compliment, seeing no reason to question the good faith or 
fair-minded researchers in their reasoned methodological choices 
and approaches. Yet we do wonder if Sander himself has become too 
fastened, too early and too firmly on a conclusion while the data 
themselves remain ambivalent and inconclusive. 

“There are,” as Sander observed, “many uncertainties built into 
any prediction about how a change to race-blind admissions would 
change the production of black lawyers.”36 Regrettably, those un
certainties are not resolved by the analyses of the Bar Passage and 
other data on which Sander and we relied. Torturing the data will not 
assure reliable confessions; they are too limited to say anything 
conclusive. Ultimately, we join Sander in the hope that improved 
data and research methods will allow clearer insight into the true 
impact of affirmative action.37 We are particularly hopeful that ad
ditional research will illuminate the institutional factors that affect 
law students’ career outcomes including and beyond bar passage. 
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